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2 NN 2: Seuvilad Hadoop wae 1,2 3 U NIdAnw 9.07.4780
Spark (Hadoop & Spark Ecosystem) UUR PySpark uu NN WA
HDFS, MapReduce, Spark Core, Databricks
RDD, DataFrame

3 UNT 3: NMUNIU Python, SQL way 1,2,3 3 UjjUR Python 9.05.480
Bash dwsuveyavuinlugy UBUMINEUUURNYAR WNEINHAIY

il Nl 4: MSEUALYBYATUIA LYY 1,23 3 UfUR Spark SQL uu 2.05.080
(Querying Big Data) SQL, Databricks NNSNHRIY
DataFrame API, Spark SQL LUDUNUBWUURNR
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(Algorithms for Big Data) Streaming, UOUNUNBLUURNIR
Graph, MNAFBUANNAZIU
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(Big Data Visualisation) Matplotlib, A8y PySpark Uu NNSINHRIY
Seaborn, Plotly vu Spark Databricks
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Linear/Logistic Regression, Decision
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Churn, Network Analysis
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voyavuanglugnavinssualane . 4 WNFIANRIY
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16 Uauslassnulatenia (@) (Final | 1, 2, 3, 3 Uauslasanu 2.09.0a0
Project Presentation cont'd) 4 anUTEnqu WNSIWAIY
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52 45
2. wnun1sUsBuANARAaWSN1TREUSNAANTIvasTIedv
HagwsSNsTEuiiAande  AanssunisusziliuwnamsiFeuives  Amuanisussdiu | dadiuvesnis
¥845187%1 (CLOs) ALY (Fuansin) Usziliuna

CLO1,2,3,4 wuuRniRNa UMY (Practical 3,4,5,6,10 20%
Assignments)

CLO 1,2, 3,4 ATEUNAN9NA (Midterm Exam) 9 20%

CLO 1,23 4 lasanunauwazn1siawe (Class 8, 12-16 25%
Project)
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1. PNETHAZAIIINEN
- Damji, J. S., Wenig, B., Das, T., & Lee, D. Learning Spark (2nd ed.). O'Reilly Media.
- Chambers, B. & Zaharia, M. Spark: The Definitive Guide. O'Reilly Media.
- Leskoveg, J., Rajaraman, A. & Ullman, J. D. Mining of Massive Datasets. Cambridge
University Press.
2. LE]ﬂﬂ'liLLa‘&a’%lagaLm&'ﬁ']
ulam PySpark Documentation: https://spark.apache.org/docs/latest/api/python/
- Databricks Community Edition: https://community.cloud.databricks.com/
- Kaggle Datasets: https://www.kaggle.com/
- MLlib Guide: https://spark.apache.org/docs/latest/ml-guide.html
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